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What and Why Semi-Supervised learning?

SUPERVISED LEARNING vs SEMI-SUPERVISED LEARNING vs
UNSUPERVISED LEARNING

Training data

Supervised learning All data is labeled

Small portion of data is
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Dataset Overview

Fish Recognition Ground-Truth data
1.Labelled - 23 different fish classes
Data - Quite unbalanced

2. Test and Validation

3. Unlabelled
Data




General WorkFlow of
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Two major concept of SSL :
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Models and
Results:




Model 1:
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% Labeled Baseline Accuracy| Top-1 Accuracy
5% 60% 71%
10% 63% 74%
15% 68% 81%
20% 75% 85%
30% 77% 88%




Model 2: ReMixMatch

ReMixMatch
au‘g;ae':\'%gd Pseudo-label % Labeled  [Baseline Accuracy| Top-1 Accuracy
Model > ol | |:|D ] 5% 69% 80%
Unlabeled | 10% 67% 84%
B clomoctind | Enropytoss 15% 73% 37%
o, y 20% 80% 95%
Strongly- ’ L ol DD |:|EL 30% 86% 96%
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Model 3:
FixMatch

L o _ N % Labeled Baseline Accuracy| Top-1 Accuracy
pre odel -+ | 5% 54% 78%
=H=e= “—l == 10% 57% 80%
rediction 0 0 0
Predict /[H(p,q)] 15% 12% 88%
Model ]_'-Ill.l 20% 58% 92%
30% 17% 96%
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